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Abstract [ Objective ] In this paper, the DeepWalk method with feature representation ability is introduced
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into the field of online learning recommendation, so as to mine learners' personal preferences and make
intelligent recommendations. [ Methods ] According to the interactive data between learners and online
courses, a bipartite graph model was constructed. Random walks are carried out on bipartite graphs to generate
vertex sequences, and the neighbor structure model of graph vertices is captured by using SkipGram language
model to learn the low-dimensional embedding vector representation of graph vertices. Calculate the similarity
between learners' vertices, and use collaborative filtering idea to make personalized recommendation of online
courses. [ Results | The real data set of MOOC online education platform of China University was used to
compare the proposed method with the baseline method, and the experiment showed that the proposed method
was more effective. [ Limitations ] This paper only explores learners' preferences for courses. In the future,
we can consider introducing trust network to model users' preferences in combination with trust mechanism
to obtain a more accurate representation of learners' characteristics. [ Conclusions | The DeepWalk model
can analyze learners' behavior preferences and effectively improve the personalized recommendation effect of
online learning resources.
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contract technology on online community intellectual property sharing protection, and further propose
corresponding development suggestions. [ Method ] Based on the methods of network survey and literature
research, this paper starts with the problems existing in online community intellectual property sharing
protection, and digs deep into the root causes. A lean management system for online community knowledge
sharing and intellectual property protection based on blockchain smart contracts is proposed accordingly.
[ Result ] The Online Community Intellectual Property Sharing Protection Chain (OCPC) based on blockchain
smart contract technology is proposed, and a lean management system for protecting the intellectual property
sharing of online community users is constructed, with the running logic of the main functional modules
analyzed in detail. [ Limitation ] The application of technologies such as blockchain and smart contracts
to online community intellectual property sharing protection can greatly improve efficiency and reduce
costs, but at the same time, illegal behaviors may arise due to technical deficiencies in implementing smart
contracts. [ Conclusion ] This study aims to provide solutions for solving the problem of intellectual property
infringement in current online communities and to promote the healthy development of online communities.
Keywords Blockchain; Smart Contracts; Online Communities; Digital Works; Intellectual Property

Protection
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